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Abstract

How does national identity shape domestic reactions to international politics? Al-
though prominent debates in International Relations (IR) turn on this question, schol-
ars lack empirical approaches to establish the casual effects of national identity on
behavior. We introduce an approach that leverages strong similarities between polit-
ical and consumer behavior. Sales of American supermarket brands is a time-varying
measure of national identity’s effects on choice behavior. We find that when American
soldiers died in Iraq, the market share of American brands grew in their US hometowns.
Casualties produce feelings of threat. Share growth was stronger in supermarkets fre-
quented by Republicans, who are more prone to embrace national identity in response
to threat. Partisan cues and animosity towards erstwhile allies do not drive our find-
ings. Our study strengthens IR’s theoretical microfoundations by establishing, with
high external validity, that national identity shapes mass responses to international
politics.
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1 Introduction

How does national identity — the sense of belonging to one’s nation — shape how people react
to international relations? Prominent puzzles in International Relations (IR) scholarship
highlight this question. For example, trade competition fuels support for far-right parties,
but mechanisms are unclear (Margalit 2019; Naoi 2020). Analyses of voting behavior assume
a preference for protectionist policies (Colantone and Stanig 2018), but trade policy attitudes
reflect factors like ethnonationalism, a belief in the superiority of one’s own nation (Mansfield
and Mutz 2013). Likewise, national security issues can influence vote choice through voters’
cost-benefit analysis (Karol and Miguel 2007), and by reinforcing national identity (Huddy
et al. 2005; Koch and Nicholson 2016). These puzzles reflect deeper questions about how
material self-interest and social identity shape mass reactions to international politics (Mutz
2018; Herrmann 2017).

These puzzles persist because we are unable to directly test if international politics shapes
domestic politics because it strengthens national identity. Existing strategies leave a gap be-
tween expressed sentiment and observable behavior. Scholars use survey experiments to
analyze causal drivers of foreign policy sentiment such as identity, emotion, and information
(Hafner-Burton et al. 2017; Kertzer and Tingley 2018). Sentiment, however, may diverge
from behavior if surveys prompt reflection on otherwise low-salience issues or provide in-
formation that would be otherwise unavailable (Barabas and Jerit 2010; Guisinger 2017).
Analyses of electoral outcomes leverage quasi-random exposure to phenomena like import
competition or war casualties (Kriner and Shen 2009; Autor et al. 2020). While such anal-
yses establish the causal causal effects of international politics on formal political behavior,
they are not are designed to parse mechanisms.

We introduce a novel empirical strategy to evaluate the role of national identity in mass re-
sponses to international politics. Our strategy relies on a well-documented pattern in Amer-

ican consumer behavior: Americans express their national identity by purchasing American



brands (Shimp and Sharma 1987). These are brands that consumers perceive as American
by virtue of name or symbolism such as Sam Adams (beer), Cracker Jack (salty snacks),
and American Heritage (condiments). We propose that, if international politics strength-
ens national identity, the market share of American brands should grow. An observable,
causally-identified change in American brand purchases requires sufficient awareness of in-
ternational politics and an activation of national identity strong enough to influence how
people spend their own money. Evidence of mass consumer response provides greater confi-
dence in analogous electoral responses to international politics.

Consumer behavior is an insightful proxy for political behavior. Similar to vote choice,
brand choice reflects a combination of material and non-material preferences shaped by price,
quality, early socialization, peer influence, and advertising (Bronnenberg and Dubé 2017);
and psychological processes that operate outside conscious awareness (Maheswaran 1994;
Giirhan-Canli and Maheswaran 2000). Social identity-based branding makes brand choice
a tangible expression of consumers’ identity (White and Dahl 2006, 2007). We focus on
supermarket purchases, which unlike most political behaviors, is a frequent, consistent, well-
documented, and nearly universal behavior in the US (Kahn and Schmittlein 1989; Sorensen
et al. 2017). Supermarket scanner data report weekly sales and other brand- and store-level
information for representative samples of stores. As compared to other approximations of
real-world political behavior, such as survey and laboratory experiments, analysis of con-
sumer behavior provides strong external validity of identity-based mechanisms.

We deploy this strategy to analyze the effect of local Iraq War casualties on the local
weekly market share of American brands during 2003-2006. Public response to causalities
is a core IR research question that speaks to the foundations of democratic accountability
during war (Gartner 2008; Kriner and Shen 2010). For a given store-week, a local casualty is
the death in that week of an American soldier whose hometown is located in the same county
as the store. We hypothesize that local casualties increase local market share of American

brands. Casualties activate national identity because they represent a threat to the values



and ideals for which soldiers gave their lives (Althaus and Coe 2011) and prime thoughts of
death (Koch and Nicholson 2016). Consumers switch to American brands to reaffirm their
national identity, a psychological response to buffer against feelings of threat.

We analyze weekly supermarket sales for a nationally representative sample of more than
8,000 brands in over 1,100 US supermarkets. Our original measure of brands’ perceived
American nationality approximates how consumers infer a brand’s country of origin (Samiee
et al. 2005). Our identifying assumption is that casualties are quasi-randomly distributed
across counties, conditional on military enlistment. For each store-week in 2003-2006, we
estimate the change in market share of American brands relative to the same store-week
in 2001, the first year for which scanner data are available. This year-over-2001 design
provides a pre-Iraq War baseline to evaluate change and holds constant slow-moving drivers of
brands’ market share in a given store, including customer demographics, ex ante demand for
American brands, and product characteristics. Local casualties influence consumption only
by activating national identity; casualties did not affect supply, product characteristics, or
systematically produce calls to purchase American brands. We control for store-week change
in price, retailers’ only real-time response to demand shocks, and availability. We separately
analyze customer demographic data to evaluate sources of heterogeneity in responses to local
casualties.

We find that in store-weeks exposed to casualties, the market share of American brands
consistently grew relative to the same week in 2001 on average. The finding is robust to
a variety of measurement and model specifications, and controls for store, week, and local
characteristics. Cumulative casualty exposure produced even larger market share growth
on average. Analyzing customer demographic data, we show that stores with a higher
proportion of customers in skilled occupations exhibit a weaker response to local causalities.
This finding is consistent with less ethnocentrism among more educated people. We also
find a stronger response in stores located in more Republican-leaning counties.

We further unpack these mechanisms. Casualty response exhibits in-group bias rather



than out-group animosity. Market shares of brands associated with France and Germany,
who opposed the war, declined as much as those linked to the “Coalition of the Willing”
allied countries. We further probe the effects of partisanship by leveraging the quasi-random
coincidence of local casualties and local Iraq War-related campaign advertising — a type
of partisan cue — during the 2006 Congressional elections. Ads alone had no effect but
marginally increased share growth in stores with higher cumulative casualties.

Our empirical approach establishes a tighter link between sentiment and behavior, which
strengthens the microfoundations of “second image-reversed” IR theories (Gourevitch 1978).
Our findings more precisely demonstrate national identity as a mechanism through which
international relations influences mass behavior. Canonical theories of foreign policy and
democratic accountability, such as theories of interstate crisis bargaining (Fearon 1994) and
trade protectionism (Grossman and Helpman 1994), hinge on how and why citizens react
to international events. Mass reactions may be consistent with the rational/materialist
assumptions of many prevailing IR theories, or reflect psychological processes such as identity
that survey research brings to the fore. The relative importance of these mechanisms can
influence the robustness of democratic accountability.

Analysis of consumption complements existing empirical approaches. It addresses exter-
nal validity and replicability concerns about experiments (Hafner-Burton et al. 2017) while
also directly testing identity-related mechanisms. In the conclusion, we discuss how our find-
ings bolster the importance of non-material drivers of foreign policy preferences; demonstrate
mass awareness of foreign policy in real-world settings; and suggest inconsistencies between
sentiment and behavior.

We recognize that consumer behavior and high-frequency consumer data are unfamiliar
to our discipline so we highlight key features of our empirical strategy. Our approach is
valid for estimating real-time effects, and is analogous to priming in experiments. We show
consumption change in the same week as the casualty and, for robustness, lagged by one

week. We cannot precisely estimate longer lags because unobserved, non-price responses to



demand shocks are more likely. For example, retailers may target casualty-exposed areas
with advertisements that cue national identity, a response that requires time to implement.
Our results establish the lower and upper bounds of persistence. Our baseline analysis as-
sumes that casualties’ effects dissipate completely the following week. Our analysis of logged
cumulative casualties assumes that effects persist at the same strength for all subsequent
weeks. Given our four-year sample period, this range suggests that activation of national
identity could persist for long enough to influence voters’ electoral choices.

Effect sizes, the scale of which are unfamiliar in our discipline, are substantively large in
the context of year-over-2001 store market share growth. To provide an intuitive baseline,
we interpret this growth relative to a one-standard-deviation price drop, the most consistent
correlate of market share growth (Yang et al. 2003). Some may be curious about aggregate
financial impact of casualty-induced changes in consumption behavior. Such effects are, in
our view, secondary to the goal of establishing mass behavioral responses to international
politics, and are difficult to precisely estimate in our setting. We regard our interpretations
with respect to price changes as a more insightful quantity of interest with respect to micro-

level political behavior.

2 International Politics and Consumer Behavior

In our theoretical framework, social identity connects international politics to consumer
behavior. People define themselves by their most important social identities (Tajfel and
Turner 1979; Tajfel 1981) and derive self-esteem and security from adhering to associated
norms and behaviors (Terry et al. 1999; Akerlof and Kranton 2000). National identity is
a particularly salient dimension of social identity. Members of national in-groups adhere
to prescriptive national identity norms and feel more positive emotions after conforming to

prescribed behaviors (Huddy and Khatib 2007).

!Consumer price indices rely on similar estimates from weekly scanner data (Hawkes and Piotrowski
2003).



The purchase of domestic brands is a prescriptive behavior associated with national
identity. Brand choices generally reflect consumers’ most salient social identities (Belk 1988;
Shachar et al. 2011). Brands cue nationality with names and symbols that consumers as-
sociate with their countries (Verlegh and Steenkamp 1999). Much like social stereotypes,
nationality branding cues operate largely outside of consumers’ conscious awareness (Martin
et al. 2011). Consumers connect domestic brands with moral obligations to advance the
economic well-being of co-nationals (Shimp and Sharma 1987; Sharma et al. 1995).

People further embrace their most relevant social identities in response to threats to
their safety and self-esteem (Branscombe and et al. 1999; Davies et al. 2008). Reinforcing
important social identities reaffirms one’s value and purpose (Greenberg and et al. 1992;
Arndt and et al. 1997). As Huddy et al. (2005, p. 594) note, “[ojne of the most pervasive
and powerful effects of threat is to increase intolerance, prejudice, ethnocentrism, and xeno-
phobia, regardless of whether threat is defined as a widely acknowledged external force or
a subjective, perceived state.” In the domain of international politics, events like terrorism
and war can raise concerns about threats to personal safety and national security (Huddy
et al. 2002; Hetherington and Suhay 2011). Threats to self-esteem emerge with economic
dislocation from globalization (Ballard-Rosa et al. 2020, 2021) and broader geopolitical shifts
(Mutz 2018).

We argue that sales of domestic brands increase following international political events
that are perceived as threatening. Specific consumption-related mechanisms include emo-
tional reactions to threat that increase reliance on heuristics like brand nationality (Mah-
eswaran and Chen 2006) and undermine the security and stability that underpins habitual
consumption (Rindfleisch et al. 2009).> Our empirical analysis focuses on local Traq War
casualties. The American public public linked the war to the threat of international terror-
ism (Gershkoff and Kushner 2005). Casualties also generated vivid images that tied death

to American identity, such as flag-draped coffins returning to US soil (Gartner 2011). Re-

2Consumer anamosity towards brands from foreign adversaries exhibits similar dynamics (Klein 2002).



minders of death induce stronger in-group bias (Greenberg et al. 1997). Koch and Nicholson
(2016) argue that war casualties drive voter turnout for this reason. In experiments, death-
related cues increase subjects’ preference for domestic brands of grocery products such as
beverages and candy (Nelson and et al. 1997; Friese and Hofmann 2008; Liu and Smeesters
2010).

We expect that Americans’ propensity to switch to American brands varies based on
demographic characteristics and other dimensions of social identity. These factors corre-
late with the propensity to perceive threats, respond with stronger national identity, and
change consumption behavior. Empirical tests of heterogeneity in consumption response
are stringent because characteristics that influence the propensity to switch also influence
baseline preferences. For example, Americans with a stronger sense of national identity have
a stronger baseline preference for American brands (Shimp and Sharma 1987). Thus, we
would not observe a change in their brand choice even if they more inclined to strengthened
national identity in response to threat.

Nevertheless, we note demographic and identity-based factors that may color American’s
response to international threats. Ideology and partisan identity correspond to distinctive
personality traits, cognitive processes, motives, and values, all of which shape how people
both perceive international politics and their willingness to change their consumption (Jost
2017). Experimental evidence shows that more conservative Americans respond to threats
by switching to brands heavy in national symbolism (Cutright et al. 2011; Shepherd et al.
2015). Conservatives, however, are ex ante more likely to consume American brands (Carney
et al. 2008) and have stickier consumption preferences (Khan et al. 2013). We examine two
additional traits that can reflect stronger ex ante attachments to American identity: percent
of store customers born in the US and the percent employed by the military.

Education has significant implications for both responses to threat and consumption
patterns more generally. More educated individuals are less likely to draw rigid in-group/out-

group boundaries, (e.g. Sharma et al. 1995; Hainmueller and Hiscox 2010) and are less likely



to reaffirm national identity in threatening circumstances (Schildkraut 2014). We expect
that more educated Americans are less likely to switch to American brands following local
casualties.

Expectations about racial heterogeneity are less clear. Non-white Americans are less
likely to reaffirm national identity in response to threat (Schildkraut 2014). Current research

finds no racial disparities in the effect of casualties on war support (Gartner and Segura

2000)*

3 Local Exposure to Iraq War Casualties, 2003-2006

The Iraq War generated 3,240 US military casualties during 2003-2006, about 90 percent
of total US war casualties during these years. Figure 1 plots weekly Iraq casualty counts.
The weekly average is relatively stable, with the largest spikes corresponding to predictable
moments like the initial invasion and the 2004 insurgency.

From the perspective of a given US county, a “local” casualty refers to the death of a
deployed soldier originally from that county. Approximately 2,000 unique American cities
experienced at least one war casualty during the sample period; 18 cities had ten or more
casualties. Figure 2 maps cumulative county-level American causalities in Iraq during 2003-
2006. The geographic distribution of casualties is roughly proportional to population.

Our identifying assumption is that conditional on military enlistment, a county’s ex-
posure to war casualties is quasi-random. Timing of local casualties is clearly exogenous
to soldiers’ hometowns. Military enlistment, however, is non-random, because the US had
an all-volunteer military during the Iraq War. We control for enlistment in all analyses.
Americans demonstrated high awareness of local Iraq War casualties. Proximity increases

the likelihood of exposure to information about the casualty. Local casualties produce the

3Iraq War casualties were overwhelmingly white (data available on request), so we do not anticipate
varying responses based on soldiers’ race.

4See Appendix Tables A.1 (p. A4), A.2 (p. A4), and A.3 (p. A5) for additional details on the distribution
of casualties across cities, states, and service units.



Figure 1: Weekly Iraq War Casualties, 2003-2006
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Data Source: Associated Press.

largest shifts in war support among non-consumers of news media, suggesting social net-
works, rather than media, transmit this information (Althaus et al. 2012; Kriner and Shen
2012). The implausibly high fraction of survey respondents who report knowing an Iraq War
casualty suggests that the mass public perceives strong personal connection to casualties

(Gartner 2009).

4 Data and Measurement

Our empirical analysis requires measurement of three central concepts: weekly supermarket
purchases, the perceived American nationality of supermarket brands, and local exposure to

Iraq War casualties.
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4.1 Weekly Supermarket Purchases

We measure consumer response to US casualties in Iraq using weekly supermarket scanner
data supplied by Information Resources Inc. (IRI), a leading source of scanner data (Bron-
nenberg et al. 2008).5 These data cover a representative sample of 1,145 supermarkets across
50 IRI-designated geographic markets.® Appendix Figure A.2 (p. A3) maps the geographic
coverage of our data. The 135 supermarket chains represented in our sample collectively
account for around 80 percent of US supermarket sales during the sample period.” The 968
counties in the IRI data account for 90 percent of US Iraq War casualties during 2003-2006.

We construct our store-level measures of consumer response using weekly unit sales for
8,644 brands across 27 categories of supermarket products.® Major supermarket chains stock
mature brands and maintain a relatively stable portfolio of brands within each store. For
each store, we retain only brands that were sold in all weeks of the given year and 2001 so
our results are not biased by entry or attrition. We aggregate data across multiple stock
keeping unit (SKU) codes of a single brand-product category, but not across distinct, but

related, brands.”

4.2 Brand Nationality

Consumers systematically infer brand nationality from marketing cues rather than search-
ing for official country-of-origin labels (Samiee et al. 2005; Balabanis and Diamantopoulos

2011). For American consumers, brands that incorporate American geographic locations or

5These are academic-use data whose use is subject to a confidentiality agreement. The agreement forbids
disclosure of brand- and store-specific information.

SIRI set its market definitions in 1987 to achieve a representative sample of US consumers, making it
unlikely that our findings are an artefact of sample selection.

"In 2003 supermarkets accounted for roughly 70 percent of all US grocery purchases (Market Share
Reporter, 2003).

8Categories are beer, blades, carbonated beverages, cigarettes, coffee, cold cereal, deodorant, diapers, fa-
cial tissue, frozen dinners, frozen pizza, household cleaners, hot dogs, laundry detergent, butter, mayonnaise,
milk, mustard/ketchup, paper towel, peanut butter, razors, salty snacks, shampoo, soup, spaghetti sauce,
sugar substitutes, and yogurt.

9For instance, six-packs and two-liter bottles of Coca-Cola are distinct SKUs within the same brand.
Coca-Cola and Diet Coke are separate brands.
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cultural symbols imply that product is made in the US. By contrast, brand names based
on foreign languages provide cues like distinctive letter combinations and special characters
(like umlauts and accent marks) that do not occur in English. Some brand names may not
incorporate nationality cues but consumers associate them with America because of adver-
tising cues or because the brand itself has become a symbol of national identity. “Objective”
brand origin is not relevant for our purposes but inspection of US trademark filings for our
sample brands does suggest that brands perceived as American are often trademarks owned
by US-based companies.

To measure a product’s perceived nationality, we administered surveys via Amazon’s
Mechanical Turk (MTurk).!® 1,203 participants received a randomly selected brand name
and its product category. We asked “What nationality does this brand most make you
think of7” and offered ten possible responses (American, Chinese, English, French, German,
Italian, Japanese, Spanish, “none,” and “other.” ) We paid participants per evaluation and
restricted each participant to 20 evaluations. Each of the 8,644 brands in our data had seven
independent evaluations.

We use these data to construct an index of each brand’s perceived American origin. For
each independent evaluation, we create an indicator variable, American,;, that equals one
if respondent r coded brand b as American and zero otherwise. For each brand, we then
sum American,, for all seven independent evaluations into a single additive index. Our
measure of perceived American nationality is the count of respondents who perceived brand
b as American. AmericanScore, ranges in value from 0 (i.e. no respondents coded brand b

as American) to 7 (i.e. all respondents coded brand b as American).

OMTurk results are often more reliable results than convenience- and lab-based samples (Berinsky et al.
2012; Huff and Tingley 2015). While MTurk samples may not mirror American demographics (Levay et al.
2016), the gap is likely uncorrelated with brand nationality perceptions.

HBrand names included all special characters like accents and umlauts. We also performed a trial exper-
iment to test whether additional brand information influenced perceived nationality. For a random sample
of brands with US-trademarked logos, we surveyed a randomly selected group on the nationality of brands
based on the brand name, product category, and logo. A control group scored the same brands based solely
on brand name and product category. Responses were not statistically distinguishable between the two
groups.

12



Table 1: Brand Examples Across AmericanScore;,, Values

AmericanScore, Value Brand Example (Product Category)
Sam Adams Boston Lager (beer)

7 Kentucky Gold (ketchup/mustard)

6 Land O’ Lakes (margarine/butter)
Phillies (hot dogs)

5 Olde Cape Cod (spaghetti sauce)
Swanson American Recipes (frozen dinners)

4 New England (ketchup/mustard)
Dad’s Root Beer (carb. beverages)

5 Maple Leaf (hot dogs)
Van De Kamps (frozen dinners)

5 Life in Provence Aioli (mayonnaise)
Dietz & Watson (ketchup/mustard)

1 Royal Scot (margarine/butter)
World Trend (toothbrushes)

0 Konig Ludwig Weiss (beer)

Cucina Antica (spaghetti sauce)

AmericanScore, = Number of survey respondents that deem brand b to be American

Table 1 presents examples of brands at each value of AmericanScore,. Brands with
AmericanScore,=T exhibit strong cues of American nationality, including references to US
geography and historical figures. Low-scoring brands often have distinctive non-American
elements, including non-English words and foreign geographic references. In a separate
survey of 400 US-based respondents, we verify that AmericanScore, positively and strongly
correlates with a widely-used psychometric scale of brands’ perceived American origin.'?
One potential concern is that gradated increases in AmericanScore, (i.e. moving from 3 to
4) may not reflect consistent and meaningful rises in perceived American nationality. Our

findings are robust to excluding middle categories (1 < AmericanScore, < 6) and focusing

on the most clearly American and non-American brands.

12See Appendix Section A.1 (p. A15) for further details.
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4.3 Exposure to US Iraq War Casualties

Casualty data are from US Department of Defense press releases compiled by the Associated
Press. For each casualty, our data include name, hometown, rank, unit, and date and cause
of death.!®> We match each casualty to the county in which their hometown is located. The
county level is the most conservative measure of exposure we can accurately construct and
is standard in existing research (e.g. Kriner and Shen 2009).

LocalCasualty;; is equal to one if at least one casualty occurred in the same county
as store j in week t, and zero otherwise. Of the store-weeks that experienced casual-

14 We verify that our results are robust to

ties, 92 percent experienced a single casualty.
continuous measures of local weekly casualty exposure. By the end of the sample period,
more than 95 percent of sample stores experienced at least one casualty. We also construct
NationalCasualties;, the national total of US Iraq War casualties in week ¢, which captures

time-varying characteristics of the war that could influence consumption including events in

Iraq, national-level elite rhetoric, and media coverage.

4.4 Additional Control Variables

Our identifying assumption of quasi-random casualty exposure is conditional on military
enlistment. We control for total enlistment over the previous five years in store j’s ZIP code.
These data are based on enlistees’ home addresses and cover all military branches.!® Con-
trolling for enlistment also accounts for unobserved local characteristics correlated with both
military enlistment and the propensity to react to local casualties by changing consumption.

We also control for weekly change in local economic conditions as proxied by average

13We verify that hometown is distinct from the location of the soldier’s service unit. For example, among
the 294 casualties of soldiers based at Fort Hood, Texas, there are 259 unique hometowns across 51 US states
and territories. See Appendix Table A.3 (p. A5).

4An additional 7 percent of store-weeks in which a casualty occurred represented two casualties. The
maximum number of casualties in a store-week was four, which represent less than 0.5 percent of store-weeks
with at least one casualty.

5Data are from Kriner and Shen (2010).

14



home prices in store j’s ZIP code and week t.1 Though casualty exposure is unlikely to
correlate with weekly local economic conditions, economic conditions could influence casualty
response by changing emotional states and the information environment.!”

Partisanship may influence the propensity to respond to threats by changing consump-
tion. As a robustness check we control for George W. Bush’s 2000 county vote share. Data
come from Dave Leip’s Electoral Atlas. Finally, we control for logged county population in

2000 in case population size influences casualty information or response. Data are from the

2000 US Census.

5 Empirical Analysis

For each AmericanScore;-category-store-week in our sample, we model the average change
in market share between 2001 (prior to the beginning of the Iraq War) and years 2003-2006

at each level of AmericanScore;. Our outcome of interest is indexed by:

i: 8 AmericanScore; levels (0-7),
J: 1,145 supermarkets,
k: 27 product categories, and

t: 52 weeks.

A brand’s weekly store market share is the number of brand product units sold as a
percentage of all units in the product category sold in that store-week. For example, if
brand b in product category k (e.g., yogurt) had a 50% market share in a given store j
for week t, the brand accounted for half of all units of yogurt sold in that store-week.
Measuring market share, as opposed to the total number of units sold, scales store’s sales of
a brand relative to overall demand for that product category in that store-week. Changes

in market share capture shifts in demand for brands distinct from changes in demand for an

16These data are from zillow.com
1"We verify that American brands are not systematically cheaper such that tighter budget constraints
prompt a switch to lower-cost brands.
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entire product category. For each category-store-week, we calculate the average change in
market share across brands at each of the eight levels of AmericanScore;. This aggregation
reflects our interest in change across AmericanScore; levels rather than individual brands
and reduces the sample to a computationally feasible size. As compared to sampling a
subset of stores, this approach minimizes computational burden, maintains generalizability,
and utilizes variation in casualties across all stores.

Within each year from 2003-2006, for every AmericansScore;-category-store-week in our
sample, we calculate the change in market share between week ¢ in that year and the same
week in 2001 (ShareYear-2001;;,). Measuring change in demand within each store holds
constant all relatively time-invariant baseline characteristics of a store’s customer base that
influence sales, including ex ante customer preferences. Likewise, our specification controls
for product category characteristics such as the propensity to have nationality-based brand-
ing. The year-over-2001 change accounts for seasonal fluctuations, such as higher demand
for American brands around patriotic holidays. We choose 2001, the first year for which
scanner data are available, as a baseline because it precedes all Iraq War casualties. If 9/11
and/or the eleven Afghanistan War casualties in 2001 increased sales of American brands,
this would bias against our expected finding for subsequent years. We verify that our results
hold if we restrict our sample to January-August.

We estimate an ordinary least squares model of weekly changes in market share growth

(AShareYear-2001, ):

AShareYear-2001, = 1 LocalCasualty;+B2 AmericanScore;+ B3 Local Casualty;, * AmericanScore;+
BaEnlistment; + (s Enlistment; * AmericanScore; + ¢ HomePricej, +

BrHomePricej * AmericanScore; + BgPopulation;sgpg +

BoAPriceYear-2001 . + B1oA Variants Year-2001 5, + €kt

where
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Year € [2003, 2004, 2005, 2006],
AShareYear-2001,,; = average difference in market share from 2001 to Year for
brands with AmericanScore; in store j belonging to product
category k in week ¢,
LocalCasualty;, = indicator for US war casualty in Iraq from same county
as store j in week ¢,
AmericanScore; = index from 0-7 indicating level of perceived American nationality,
Enlistment; = total military enlistment in same ZIP code as store j

in last five years,

HomePricej, = average home price in same ZIP code as store j and week ¢,
Populationjzppp = population in same county as store j in year 2000,
A PriceYear-2001 = average difference in price from 2001 to Year for

AmericanScore; in store j belonging to product
category k in week ¢,

AVariantsYear-2001,3,; = average difference in number of variants from 2001 to Year
for AmericanScore; in store j belonging to product
category k in week ¢, and

€ijkt = normally distributed random error term.

The coefficient of interest is f3, on the interaction between local casualty exposure and
AmericanScore;. We interact Enlistment; and HomePricejt with AmericanScore; to
allow for the salience of ex ante military enlistment and weekly fluctuation in local economic
conditions to vary based on level of perceived American brand nationality. We control
for two time-varying brand-store characteristics that affect market share (Ataman et al.
2010). APriceYear-2001, controls for average price changes and the effect of promotional,

limited-time discounts.'® Price promotions are retailers’ fastest response to negative demand

18We verify that average weekly price changes are uncorrelated with AmericanScore;.
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Table 2: Weekly Casualties and American Brand Share - 2003

AShare2003-2001,5; (%)
(1) (2)

LocalCasualty;, * AmericanScore; 0.016** 0.01437*
(0.00613) (0.00623)
NationalCasualties; * AmericanScore; 0.00014
(0.00009)
LocalCasualty;, 0.03231 0.02518
(0.02815) (0.02860)
NationalCasualties; 0.00052
(0.00041)

AmericanScore; —0.01196***  —0.01350***

(0.00245) (0.00265)

Observations 6,715,772 6,715,772
Controls v v

Note: *p<0.1; *p<0.05; **p<0.01. All models estimated with OLS. See
Appendix Table A.5 (p. A6) for controls.
shocks.' Non-price responses, such as advertising, are less likely because they require longer
lead times to implement. Retailers’ contracts with manufacturers forbid changes to shelf
space allocation and location.?’ We also control for average weekly changes in the number
of brand SKUs that a store stocks in a product category, A VariantsYear-2001;:. All else

equal, consumers are more likely to purchase a brand if a store stocks more varieties.
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5.1 Baseline Results

Table 2 presents results for 2003, the first year of the Iraq War. Model (1) focuses on local
weekly casualties.?! The coefficient of interest is on LocalCasualty;, x AmericanScore;. This
interaction is positive and statistically significant in both models, indicating that, on average,
in weeks that stores experience a local casualty, the market share growth of American brands
increases. Model (2) adds controls for the national casualty environment, the total number
of American casualties in Iraq in week ¢. Our baseline finding is unchanged.

Figure 3 plots in black the coefficient on LocalCasualty; * AmericanScore; for Model (2),
estimated annually during 2003-2006. The figure illustrates that Americans consistently
responded to local casualties by switching to American brands during 2003-2006. The mag-
nitude of this effect is substantively large. Among store-weeks exposed to casualties, the
average AmericanScore; = 7 brand saw market share growth equivalent to a one-standard
deviation price drop.

We verify our findings hold across multiple robustness tests.?? We lag casualty exposure
by one week to allow for delay in consumer response (Appendix Table A.6 (p. AT7)). We
measure casualty exposure from both the Iraq and Afghanistan wars. Separately, we find no
effect of just Afghanistan War casualties, which generated 10 percent of causalities during
the sample. We control for George W. Bush’s 2000 vote share in store j’s. Finally, we cluster

standard errors by store.
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Figure 3: Casualties Increase American Brand Market Share Growth, 2003-2006
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Effect of weekly and cumulative casualty exposure on market share of American brands over
time, with 95 percent confidence intervals. Coefficients for weekly casualties drawn from
Appendix Table A.5 (p. A6). Coefficients for cumulative casualties drawn from Appendix
Table A.7 (p. A8).

5.2 Cumulative Casualties

We thus far have assumed that Americans respond to each week’s casualties de novo. We next
evaluate the effect of cumulative casualties. Information-based theories of casualty and public
opinion emphasis variation in public recall of past events. We modify our baseline analysis,

replacing weekly casualties with In(CumulCasualtiesj;), the natural log of cumulative local

9Manufacturers provide retailers with a trade allowance to finance promotions so price fluctuations are
less likely correlated with local characteristics.

20Manufacturers negotiate with retailers for specific shelf locations for their products. Local distributors
stock shelves and can monitor compliance. These agreements are negotiated chain-wide and renegotiated at
fixed intervals.

21Gee Appendix Table A.5 (p. A6) for the results for all years, as well as coefficient estimates on control

variables.
22Results not in the appendix are available upon request.
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Table 3: Cumulative Casualties and American Brand Share - 2006

AShare2006-2001 ., (%)

(1)

(2)

In(CumulCasualtiesj;) * AmericanScore; 0.011* 0.010***
(0.001) (0.001)
In(CumulNatCasualtiesj) * AmericanScore; 0.090"*
(0.015)
In(CumulCasualties;;) —0.044*** —0.060***
(0.007) (0.007)
In(CumulNatCasualties;) 0.724
(0.066)
AmericanScore; —0.099*** —0.809***
(0.003) (0.115)
Observations 9,533,301 5,533,301
Controls v v

Note: *p<0.1; *p<0.05; **p<0.01. All models estimated with OLS. See
Appendix Table A.7 (p. A8) for controls.

casualties in the same county as store j from the beginning of the Iraq War to week . We
also control for In(CumulNatCasualties;) in line with our baseline specifications. These
measures assume a high level of recall and provide an upper bound for the size of consumer
response.

Table 3 presents our results for cumulative casualties for 2006, the last year in our sam-
ple.?? Model (1) focuses on logged local cumulative casualties, while Model (2) again adds
controls for the national cumulative casualty environment. In line with our baseline results,
repeated exposure to casualties increases the market share growth of American brands. The
effect remains when we take into account the national cumulative casualty environment, in-

dicating that the cumulative effect of casualty exposure on national identification operates

238ee Appendix Table A.7 (p. A8) for the results for all years, as well as coefficient estimates on control
variables.
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independent of the war’s overall trajectory and total costs, and changes in elite rhetoric and
access to information. In stores with a one-standard-deviation higher exposure to logged
cumulative casualties, average growth in the market share of AmericanScore; = 7 brands is
about two-thirds the market share growth of a one-standard-deviation price drop.

Figure 3 displays in gray the coefficient on the interaction between In(CumulCasualties ;)
and AmericanScore; and its 95 percent confidence interval for every year during 2003-2006,
extracted from our Model (2) specification. While the estimated coefficient decreases in
size over time, note that this also coincides with a monotonically increasing number of local
cumulative casualties over time.

We perform the same robustness tests as in the baseline analysis: using cumulative Iraq
and Afghanistan casualties, cumulative Afghanistan casualties only, controlling for Bush
2000 vote share, and clustering standard errors by store.?* We also omit counties that were
two standard deviations from mean logged cumulative casualties. Finally, our results do not
substantively change if we weight local cumulative casualties by county population in 2000
because more populous counties are likely to have higher cumulative casualties.?

Finally, we ensure that both our baseline and cumulative casualty results are robust to
limiting our sample to the brands that most respondents judged to be American or non-
American. We dichotomize AmericanScore; to create American;, which is equal to 1 if
AmericanScore; > 5 and 0 if AmericanScore; < 2. We then run our same baseline and
cumulative casualty models on this subsample. Our main results hold (Appendix Tables
A9 (p. A10) and A.10 (p. A11)). This exercise illustrates that our findings are not driven
primarily by small or gradated increases in the middle of AmericanScore;, but rather by

switching from brands that are clearly non-American to brands that are clearly American.

24 A1l results not in the appendix are available upon request.
258ee Appendix Table A.8 (p. A9).
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6 Mechanisms

We hypothesize that local casualties increase sales of American brands as an affirmation of
national identity in response to threat. Accordingly, stores whose customers are more likely
to affirm national identity should exhibit larger effects. We evaluate these implications using
customer demographic data. For each store, we have population characteristics in 2000 for
a two-mile radius, the standard catchment area of a supermarket.?® We have data ob the
percent of customers in 2000 employed in skilled jobs (SkilledOccjapn),?" employed by the
military (including civilians) (ArmedForcesjao), born in the US (Native Bornjsm), and
who are black (Blackjago). We supplement these data with county-level 2000 Bush vote
share (Bushjsn) as a measure of partisanship.

We first establish baseline demographic correlates of American brand market share. These
correlations help us interpret change in response to local casualties. We estimate the average
market share of products at each level of AmericanScore; in 2001, the baseline year for our
main results. As this is a cross-sectional analysis, we include category, store, and week fixed
effects; omit the weeks after September 11, 2001; and exclude counties with populations
below and above two standard deviations of the mean. We estimate an OLS model that
includes the interaction of AmericanScore; and each of the customer characteristics.

Appendix Table A.11 (p. A12) summarizes our results. All else equal, American brands
have higher market shares in stores with larger proportions of Republican-leaning customers.
For AmericanScore; = 7 brands, a five-percentage point increase in 2000 Bush vote share
corresponds to a roughly 0.013-percentage-point higher average market share. Stores with
high proportions of white collar and armed forces workers also exhibit higher American brand
market share. Stores with more US-born customers show no correlation with American brand
market share. Stores with higher proportions of black customers exhibit lower market shares.

We next analyze demographic variation in the propensity to change consumption af-

26IRI derived demographic data from the 2000 US Census.
2TThese are “white collar” workers as defined in the 2000 US Occupation and Employment Census.
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Table 4: Cumulative Casualties and Demographic Variation - 2006

AShare2006-2001,
(1)

In(CumulCasualties;;) * AmericanScore; x Bushjagmo 0.00166***
(0.00015)
In(CumulCasualtiesj) * AmericanScore; x SkilledOcc;ja000 —0.00075***
(0.00019)
In(CumulCasualties;;) * AmericanScore; x ArmedF orces s 0.00082
(0.00089)
In(CumulCasualtiesj) * AmericanScore; x Native Born sn —0.00009
(0.00018)
In(CumulCasualties;) * AmericanScore; * Black s —0.00010
(0.00013)
Observations 5,030,086
Controls v

Note: *p<0.1; **p<0.05; **p<0.01. Model estimated with OLS. All constituent in-

teraction terms included in model and suppressed in table. Stores in counties with

populations two standard deviations above or below the mean excluded.
ter local casualties. We modify our analysis of cumulative casualties in 2006 by adding
three-way interactions between cumulative casualty exposure, American Score, and each de-
mographic variable. Table 4 presents the results. Partisanship is the strongest correlate of
American brand share growth. For stores with mean logged cumulative casualty exposure,
a five-percentage-point increase in 2000 Bush vote share is associated with a roughly 0.1-
percentage-point increase in AmericanScore; = 7 brand market share growth on average.
Combined with our baseline analysis, these results show that customers in more Republican
areas had a higher ex ante propensity to purchase American brands that local casualties

further magnified.?® Stores with high proportions of skilled worker customers exhibit a

28We note that the county partisanship measure is more coarse than the store-level demographic charac-
teristics.
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slight decline in market share growth. For stores with mean cumulative casualty exposure,
a five-percentage-point increase in skilled occupation customers is associated with a roughly
0.04-percentage-point decrease in market share growth for AmericanScore; = 7 on average.
This decline is consistent with education corresponding to weaker propensity to strengthen
national identity in response to threat. We find no propensity to switch to American brands
in stores with higher proportions of customers born in the US, employed in the armed forces,
or who are black. The latter two traits correspond to correlations in baseline demand for

these brands, which suggests that ex ante brand choices left less scope for change.

6.1 In-Group Solidarity or Out-Group Animosity?

Debates over IR’s microfoundations rest, in part, on ascertaining the variants of national
identity that emerge in response to international politics. “Constructive” forms of national
identity are consistent with democratic accountability whereas unquestioning blind patrio-
tism likely subverts accountability (Huddy and Khatib 2007). We engage this distinction
by analyzing whether strengthened national identity reflected greater anamosity towards
foreigners. The Iraq War divided US allies in Europe. France and Germany opposed the
invasion while the United Kingdom, Italy, and Spain joined the “Coalition of the Willing
by sending troops to Iraq.”?” We estimate change in the market share of brands associated
with these two sets of countries. If wartime alliances/division shape affinities/animosity, we
would see divergence market share growth between brands perceived to be from coalition
countries versus France and Germany. Comparison of these two groups also allows us to
differentiate between a proactive shift towards American brands versus a shift incidental to
the boycott of French and German brands.

We construct perceived nationality scores from the same original survey data from which
we generated AmericanScore;. CoalitionScore; is equal to how many respondents coded

brand b to be from the United Kingdom, Spain, or Italy. France + GermanyScore; is an

29Unfortunately, we lack brands associated with Iraq or the Middle East more generally, which is likely
an artefact of the product categories in our data.
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Figure 4: Casualties Reduce Market Share of Both French/German and Coali-
tion of the Willing Brands

R R e ---
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Effect of cumulative casualty exposure on market share of “Coalition of the Willing” and
French and German brands over time, with 95 percent confidence intervals. Coefficients for
“Coalition of the Willing” brands drawn from Appendix Table A.12 (p. A13). Coefficients
for French and German brands drawn from Appendix Table A.13 (p. Al14).

analogous measure for France and Germany; both measures range from 0-7. We estimate two
versions of our cumulative causality model, replacing AmericanScore; with CoalitionScore;
and France + GermanyScore;, respectively.

Figure 4 plots the coefficient of the interaction between logged cumulative local casualties
and CoalitionScore; (black) and France + GermanyScore; (gray) for each sample year.
Market shares for both sets of brands declined similarly in response to cumulative casualty
exposure, a decline that, for almost all country group-years, is statistically different from

zero. For both country groups, the magnitude of market share drop attenuates over time.

These findings indicate that casualties did not sharpen antipathy towards out-groups even

30See Appendix Tables A.12 (p. A13) and A.13 (p. A14) for full results.

26



as they strengthened national identification.

6.2 Alternate Mechanism: Partisan Cues

We further unpack the role of partisanship by evaluating the effect of partisan cues on
casualty response.®! Elite cues may shape behavior in a range of ways. They may simply
be reminders of ongoing war or prime feelings of national identity. They might also shape
how ordinary people perceive and process threats to their national identity. Any of these
mechanisms are consistent with elite cues coloring localized responses to casualties.

We measure cues using Iraq War-related campaign advertising in the 2006 midterm elec-
tions.?? For a given week, ads were quasi-randomly distributed with respect to local casu-
alties. The lead time needed to purchase television ads precluded real-time targeting based
on casualty exposure. 2006 House and Senate advertising data are from the Wesleyan Ad-
vertising Project (WAP), which reports each instance of a given candidate-advertisement
for the top 100 US media markets, known as designated market areas (DMAs). All ads are
30 seconds. The WAP reports air dates, media market, candidate and political party, and
detailed ad content. Political advertising during the 2006 midterms began in January and
ran through Election Day in November, so we focus on this time period.?® Television ads,
especially in the context of the 2006 election, are highly salient political messages to which
a large majority of the population is exposed (Valentino et al. 2004; Gerber and et al. 2011).
Ads related to the Iraq War are most likely to contain partisan cues about the character
and direction of military conflict. For each media market-week, we measure the percentage
of televised campaign ads that the WAP coded as related to the Iraq War. Using a media
market-ZIP code crosswalk, we measure store-week exposure to Iraq War-related ads.

An important limitation of this analysis is that the top 100 media markets skew Democrat

31'We lack data to evaluate the role of social networks, another possible driver of casualty response (Kertzer
and Zeitzoff 2017).

32Partisan cues may have been weaker in 2006 due to the collapse of partisan consensus about the war
(Berinsky 2009). This biases against finding an effect.

33The campaign season generally may have primed American national identity, but this effect would obtain
across large swaths of the country and would not be correlated with casualty exposure.
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Table 5: Casualty Exposure and Political Advertising - 2006

Change in market share

(1) (2) (3) (4)

In(CumulCasualtiesj;) * IraqAds * 0.0002*

AmericanScore; (0.0001)

In(CumulCasualties;;) * DemIragAds;* 0.0003** 0.0003***
AmericanScore; (0.0001) (0.0001)
In(CumulCasualties;;) * ReplragAdsjix —0.001 —0.001

AmericanScore; (0.0004)  (0.0004)

In(CumulCasualtiesj) * AmericanScore;  0.013**  0.013***  0.014™*  0.013***
(0.001)  (0.001)  (0.001)  (0.001)

Observations 5,326,090 5,326,090 5,326,090 5,326,090
Controls ve v v e

Note: *p<0.1; *p<0.05; **p<0.01. All constituent interactions included in model and
suppressed in table.
so our sample is not nationally representative with respect to partisanship. Of our sample
stores located in the top 100 media markets, 320 are in Democratic-leaning counties, where
Bush lost by 10 percentage points or more in 2000; 227 stores are in tossup counties, where
Bush won by less than 10 percentage points; and only 194 stores are in Republican-leaning
counties, where Bush won by more than ten percentage points. As a result, we are more
circumspect in our inferences about consumer response in tossup and Republican-leaning
arcas.®* The correlation between local cumulative casualty exposure and Iraq War-related
ads is less than .05 in absolute value and irrespective of local partisanship.

We estimate the joint effect of casualties and partisan Iraq War-related cues. We add
to our cumulative casualty model a three-way interaction between local cumulative casualty

exposure, perceived brand nationality, and our time-varying measure of exposure to to Iraq-

34 Average total political advertising also correlates with local partisanship. Democratic-leaning areas
received 90 minutes, Republican areas 55 minutes, and tossup areas 105 minutes.
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related political advertising. We also disaggregate our measure of exposure to advertising by
political party. As in the cumulative casualty analysis, we include 2000 county-level Bush
vote share and its interaction with AmericanScore; to control for local partisanship.

Table 5 presents the advertising model results. Taken together, the results indicate that
partisan cues modestly magnify casualties’ effects on brand choice but do not independently
activate national identity. Regardless, across every regression, the coefficient on the in-
teraction between cumulative casualties and AmericanScore; continues to be positive and
statistically significant on its own. The magnifying effects of advertising are strongest in
Democrat-leaning areas though data limitations preclude stronger inferences about hetero-
geneity in the effect of partisan cues. Overall, these results suggest that elite cues play a
meaningful, but not necessarily paramount, role in shaping the salience of local casualty

exposure.

7 Conclusion

Our findings demonstrate that international politics can drive mass behavior by strength-
ening national identity. Consumption behavior is an insightful proxy for political behavior,
especially regarding the causal effects of social identity on real-world behavior. Brand choice
is a tangible and readily observable manifestation of consumers’ social identity. We have fo-
cused on national identity but in the U.S., product branding incorporates many politically-
relevant identities including gender, race/ethnicity, and geographic location. The weekly
frequency of supermarket scanner data can measure virtually real-time activation of social
identities following exogenous shocks. The universality of consumption captures responses
from those excluded or alienated from formal political participation. Taken together, anal-
ysis of mass consumption behavior is a powerful complement to experimental research on
sentiment and analysis of electoral outcomes.

This study also bolsters the importance of culture/identity-related mechanisms in IR

by showing that non-material preferences drive material decisions. Whereas experiments
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typically yield cross-sectional evidence, our research design based on high-frequency data
reveals when national identity becomes relatively more important than other dimensions
of preferences. We contribute to a growing body of research that moves away from stark
dichotomies between material and non-material preferences towards more nuanced accounts
that map their interaction (Ballard-Rosa et al. 2020, 2021; ?). Our novel measure of the
revealed strength of national identity complements existing measures including psychometric
scales, discourse/text analysis, and ethnography (Huddy and Khatib 2007; Abdelal et al.
2009).

Further, we contribute to debates about information and foreign policy attitudes by
showing that in the real-world contexts that people receive and interpret information about
international politics, they are sufficiently moved to change their behavior. Our research
design captures the sum of information effects, including information characteristics — source,
content, frequency — and the numerous factors that influence receptivity, interpretation, and
the propensity to change behavior. Local casualties consistently changed behavior during
2003-2006 despite fluctuations in partisan cues and media coverage about the Iraq War
(Baum and Potter 2008; Berinsky 2009).

More generally, our findings suggest that sentiment and behavior reflect different cognitive
processes. Local casualties consistently activated national identity during 2003-2006 even as
public support for the Iraq War declined.? We conjecture that our findings reflect processes
that operate outside conscious awareness. Strengthened national identity manifests in a
domain that relies heavily on such processes and is ostensibly unrelated to war. Consumer
behavior provides an empirical tool that can help clarify the role of identity-based processes
in mass response to external threat (Levendusky 2017; Myrick 2021). More broadly, this
divergence underscores the importance of both sentiment and behavior to fully specifying

the microfoundations of IR theory.

35 Appendix Figure A.1 (p. A2) summarizes shifts in public support. Casualties may influence public
support for war via casualty aversion (Gartner 2008), strengthened resolve (Gelpi et al. 2009), social identity
(Althaus and Coe 2011) and information.
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Appendix Table A.1: American Cities with Most Casualties in Iraq,

2003-2006
City State Iraq casualties (2003-2006)
New York New York 29
Houston Texas 23
Los Angeles California 22
San Antonio Texas 22
Phoenix Arizona 17
Fort Worth Texas 14
Philadelphia Pennsylvania 12
Portland Oregon 12
Las Vegas Nevada 11
Miami Florida 11
Tucson Arizona 11
Austin Texas 10
Baltimore Maryland 10
El Paso Texas 10
Jacksonville Florida 10
San Diego California 10
Buffalo New York 9
Tampa Florida 9
Cincinnati Ohio 8
Columbus Ohio 8
Mesa Arizona 8
Virginia Beach Virginia 8

Data Source: Associated Press

Appendix Table A.2: States with Most Casualties in Iraq, 2003-2006

State Iraq casualties (2003-2006)
California 311
Texas 265
Pennsylvania 146
New York 138
Ohio 131
Florida 128
Michigan 118
[linois 111
Georgia 89
Virginia 86

Data Source: Associated Press
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Appendix Table A.3: Service Unit Locations with Most Casualties in Iraq

Unit Location State Iraq casualties (2003-2006)
Camp Pendleton California 304
Fort Hood Texas 290
Camp Lejeune North Carolina 242
Fort Campbell Kentucky 175
Fort Carson Colorado 124
Fort Bragg North Carolina 103
Fort Stewart Georgia 103
Twentynine Palms California 96
Fort Lewis Washington 88
Fort Riley Kansas 69

Data Source: Associated Press.

Appendix Table A.4: Distribution of Perceived American Brands by Category
Total Number Number of Brands with Percent of Brands with

Category of Brands AmericanScore; >3 AmericanScore; >3
Beer 2730 1078 39 %
Blades 129 101 78 %
Carbonated Beverages 512 336 66 %
Cigarettes 779 548 70 %
Coffee 538 179 33 %
Cold Cereal 647 564 87 %
Deodorant 232 131 56 %
Diapers 61 40 66 %
Facial Tissue 68 49 72 %
Frozen Dinners 337 194 58 %
Frozen Pizza 213 83 39 %
Hot Dogs 344 216 63 %
Laundry Detergent 125 94 75 %
Margarine / Butter 86 60 70 %
Mayonnaise 105 49 47 %
Mustard / Ketchup 428 227 53 %
Paper Towel 49 44 90 %
Peanut Butter 67 47 70 %
Razors 36 32 89 %
Salty Snacks 1663 778 47 %
Shampoo 1209 533 44 %
Soup 199 73 37 %
Spaghetti Sauce 410 81 20 %
Sugar Substitute 71 54 76 %
Toilet Tissue 70 44 63 %
Tooth Brush 350 135 39 %
Tooth Paste 215 169 79 %
Yogurt 274 124 45 %
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Appendix Table A.5:
Share, 2003-2006

Weekly Casualties and American Brand

AShareYear-2001 ;4 (%)

2003 2004 2005 2006
(1) (2) (3) (4)
LocalCasualty;; x AmericanScore; 0.014** 0.012** 0.011** 0.030***
(0.006) (0.005) (0.006) (0.006)
NationalCasualties; * AmericanScore;  0.0001 —0.0002**  0.001*** —0.0001
(0.0001) (0.0001) (0.0001) (0.0002)
LocalCasualty;: 0.025 —0.095***  —0.050* —0.152***
(0.029) (0.023) (0.026) (0.026)
NationalCasualties; 0.001 —0.001 —0.001**  0.005***
(0.0004) (0.0004) (0.001) (0.001)
AmericanScore; —0.013***  —0.052*** —0.122*** —0.091***
(0.003) (0.003) (0.003) (0.004)
HomePricej; 0.004*** 0.002***  —0.002*** —0.003***
(0.0003) (0.0003) (0.0003) (0.0002)
HomePricej; * AmericanScore; —0.001***  —0.0005***  0.0002***  0.0005***
(0.0001) (0.0001) (0.0001) (0.0001)
Enlistment; —0.105***  —0.261*** —0.331*** —0.348***
(0.027) (0.029) (0.032) (0.033)
Enlistment; * AmericanScore; —0.013** 0.027*** 0.059*** 0.060***
(0.006) (0.006) (0.007) (0.007)
Population jaooo 0.00002*** 0.00003*** 0.00002*** 0.00002***
(0.00000)  (0.00000)  (0.00000) (0.00000)
A PriceYear-2001: —0.053***  —0.052*** —0.040*** —0.019***
(0.001) (0.001) (0.001) (0.001)
A Variants Year-2001 ;. 0.900*** 0.857*** 0.872%** 0.968***
(0.001) (0.001) (0.001) (0.001)
Intercept —0.042***  0.127*** 0.433***  (0.358***
(0.012) (0.014) (0.016) (0.019)
Observations 6,715,772 6,344,222 5,756,986 5,533,301

Note: *p<0.1; **p<0.05; ***p<0.01. All models estimated with OLS.
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Appendix Table A.6: Lagged Weekly Casualties and American Brand

Share, 2003-2006

AShareYear-2001; (%)

2003 2004 2005 2006
(1) (2) (3) (4)
LocalCasualtyj;—1 * AmericanScore; 0.02178*** 0.00905* 0.01544***  0.02996***
(0.00636) (0.00504) (0.00577) (0.00584)
NationalCasualties;—1 * AmericanScore; 0.00011 —0.00068***  0.00092***  0.00073***
(0.00009) (0.00009) (0.00012) (0.00019)
LocalCasualty;:—1 0.03606 —0.10498*** —0.07919*** —0.14764***
(0.02922) (0.02312) (0.02647) (0.02677)
NationalCasualties;_1 —0.00103**  0.00173***  —0.00417*** 0.00112
(0.00042) (0.00042) (0.00054) (0.00086)
AmericanScore; —0.01207*** —0.04358*** —0.12637*** —0.10291***
(0.00267) (0.00304) (0.00344) (0.00419)
HomePricej; 0.00402***  0.00164*** —0.00166*** —0.00278***
(0.00030) (0.00027) (0.00025) (0.00025)
HomePricej; x AmericanScore; —0.00113*** —0.00047*** 0.00024***  0.00045***
(0.00007) (0.00006) (0.00005) (0.00005)
Enlistment; —0.09905*** —0.25925*** —0.33229*** —0.34049***
(0.02774) (0.02920) (0.03226) (0.03291)
Enlistment; * AmericanScore; —0.01428**  0.02660***  0.05905***  0.05887***
(0.00598) (0.00634) (0.00700) (0.00717)
Population jaooo 0.00002***  0.00003***  0.00002***  0.00002***
(0.000001)  (0.000001)  (0.000001)  (0.000002)
A PriceYear-2001 —0.05347***  —0.05229*** —0.03981*** —0.01923***
(0.00101) (0.00099) (0.00099) (0.00076)
A Variants Year-2001 i 0.89919***  0.85594***  (.87459***  (0.96859***
(0.00102) (0.00091) (0.00094) (0.00104)
A Variants Year-2001 —0.03128**  0.08639***  0.48636***  0.42120***
(0.01231) (0.01393) (0.01577) (0.01915)
Observations 6,569,912 6,206,893 5,630,408 5,413,818

Note: *p<0.1; **p<0.05; ***p<0.01. All models estimated with OLS.
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Appendix Table A.7: Cumulative Casualties and American Brand Share,

2003-2006

AShareYear-2001;; (%)

2003 2004 2005 2006
(1) (2) (3) (4)

In(CumulCasualties;j;) * AmericanScore; 0.021**  0.018**  0.012***  0.010***
(0.002)  (0.001)  (0.001)  (0.001)

In(CumulNatCasualties;;) * AmericanScore; —0.004***  —0.088***  0.052***  0.090***
(0.0005) (0.004) (0.009) (0.015)

In(CumulCasualties;) 0.006 —0.097***  —0.081*** —0.060***
(0.010) (0.007) (0.007) (0.007)

In(CumulN atCasualties ;) 0.004* 0.338***  0.286™**  0.724***
(0.002)  (0.019)  (0.043)  (0.066)

AmericanScore; 0.007** 0.544***  —0.506*** —0.809***
(0.003) (0.028) (0.071) (0.115)

HomePrice; 0.004***  0.003***  —0.001**  —0.002***
(0.0003)  (0.0003)  (0.0003)  (0.0003)

HomePrice;, * AmericanScore; —0.001*** —0.001***  0.00002  0.0003***
(0.0001)  (0.0001)  (0.0001)  (0.0001)

Enlistment; —-0.062** —0.139*** —0.211*** —0.255***
(0.028)  (0.030)  (0.034)  (0.035)

Enlistment; * AmericanScore; —0.026*** 0.0004 0.036*** 0.042***
(0.006) (0.007) (0.007) (0.008)

Populationjzgoo 0.00001*** 0.00004*** 0.00003*** 0.00002***

(0.00000)  (0.00000) (0.00000) (0.00000)

APriceYear-2001,; (2001-Year) —0.053*** —0.052*** —0.040*** —0.019***
(0.001) (0.001) (0.001) (0.001)

A Variants Year-2001 i 0.901*** 0.857*** 0.872%** 0.968***
(0.001) (0.001) (0.001) (0.001)

Intercept —0.062%**  —2.187*** —1.712*** —5.248***
(0.015)  (0.128)  (0.323)  (0.524)

Observations 6,715,772 6,344,222 5.756,986 5,533,301

Note: *p<0.1; **p<0.05; ***p<0.01. All models estimated with OLS.
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Appendix Table A.8: Cumulative Casualties Weighted by Population and
American Brand Share, 2003-2006

AShareYear-2001: (%)
2003 2004 2005 2006
(1) (2) (3) (4)
CumulCasualtiesji / Popjsppo * AmericanScore; 1.682*** 0.577** 0.838***  (.483***
(0.607) (0.277) (0.225) (0.178)

In(CumulNatCasualtiesj;) * AmericanScore; — —0.003***  —0.079***  0.055"*  0.095***
(0.0005)  (0.004)  (0.009)  (0.015)

CumulCasualtiesj; | Populationjsgoo 0.723 —2.747*  —9.463*** —7.052***
(2.824) (1.273) (1.033) (0.816)

In(CumulNatCasualties ) 0.004** 0.286™**  0.275™*  0.726"**
(0.002) (0.019) (0.043) (0.066)

AmericanScore; —0.001 0.486***  —0.532*** —0.846***
(0.003) (0.028) (0.071) (0.115)

HomePricej, 0.005°%  0.002°*  —0.001*** —0.002"**
(0.0003)  (0.0003)  (0.0002)  (0.0002)

HomePricej; x AmericanScore; —0.001*** —0.0004*** 0.0002***  0.001***
(0.0001)  (0.0001)  (0.0001)  (0.0001)

Enlistment; —0.020 —-0.176™* —0.291*** —0.309***
(0.027) (0.028) (0.031) (0.032)

Enlistment; x AmericanScore; —-0.011* 0.029*** 0.060***  0.064***
(0.006) (0.006) (0.007) (0.007)

APrice Year-2001 —0.054™*  —0.053"* —0.040"* —0.019***
(0.001)  (0.001)  (0.001)  (0.001)

AVariants Year-2001 0.901***  0.857***  0.872***  0.968***
(0.001) (0.001) (0.001) (0.001)

Intercept —0.071**  —1.847"* —1.615"** —5.256***
(0.015) (0.127) (0.323) (0.524)

Observations 6,715,772 6,344,222 5,756,986 5,533,301

Note: *p<0.1; *p<0.05; **p<0.01. All models estimated using OLS.
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Appendix Table A.9: Weekly Casualties and American Brand Share, 2003-
2006 - Dichotomized AmericanScore;

AShareYear-2001 4 (%)

2003 2004 2005 2006
(1) (2) 3) (4)
LocalCasualty;, * American; 0.14014*** 0.11466*** 0.15017*** 0.25819***
(0.03758) (0.02976) (0.03329) (0.03307)
NationalCasualties; x American; 0.00026 —0.00020 0.00088 0.00036
(0.00054) (0.00055) (0.00069) (0.00108)
LocalCasualty;: —0.02087 —0.10074***  —0.07476***  —0.16549***
(0.03064) (0.02421) (0.02716) (0.02694)
NationalCasualties; 0.00255*** —0.00083* 0.00162*** 0.00316***
(0.00044) (0.00045) (0.00056) (0.00087)
American; 0.07769*** —0.12961*** —0.21583*** —0.15159***
(0.01515) (0.01729) (0.01924) (0.02338)
HomePricejy 0.00456*** 0.00233*** 0.00140*** —0.00037
(0.00034) (0.00030) (0.00027) (0.00027)
HomePricej; x American; —0.00152*** —0.00089*** —0.00053*** —0.00020***
(0.00006) (0.00006) (0.00005) (0.00005)
Enlistment; 0.20404*** 0.23436*** 0.63248*** 0.45213***
(0.03073) (0.03193) (0.03467) (0.03471)
Enlistment; * American; —0.07238*** —0.06805*** —0.11080*** —0.09051***
(0.00562) (0.00590) (0.00640) (0.00644)
Populationjspoo 0.00003*** 0.00005*** 0.00003*** 0.00002***
(0.000002) (0.000002) (0.000002) (0.000002)
A PriceYear-2001 —0.02827*** —0.02791*** —0.01064*** —0.00296***
(0.00117) (0.00118) (0.00118) (0.00109)
A Variants Year-2001 ;i 0.92611*** 0.81387*** 0.79256*** 0.97539***
(0.00151) (0.00121) (0.00129) (0.00156)
Intercept —0.24522*** —0.16372*** —0.25395*** —0.19642***
(0.01262) (0.01425) (0.01586) (0.01910)
Observations 3,243,529 3,056,611 2,778,396 2,675,991

Note: *p<0.1; *p<0.05; **p<0.01. Sample limited to AmericanScore; < 2 and AmericanScore; >
5. AmericanScore; < 2 recoded to 0 and AmericanScore; > 5 recoded to 1 to create American;.
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Appendix Table A.10: Cumulative Casualties and American Brand Share,

2003-2006 - Dichotomized AmericanScore;

Change in market share for American brands

2003 2004 2005 2006
(1) (2) 3) (4)
In(CumulCasualties;;) * American; 0.16473*** 0.16141*** 0.19589*** 0.18499***
(0.01201)  (0.00837)  (0.00799)  (0.00793)
In(CumulNatCasualties ;) * American, —0.04158***  —0.52419***  0.23901*** 0.39819***
(0.00288)  (0.02426)  (0.05484)  (0.08357)
In(CumulCasualties ;) —0.02850***  —0.10609***  —0.13187** —0.12671***
(0.01057)  (0.00783)  (0.00755)  (0.00758)
In(CumulN atCasualties;;) 0.01914*** 0.22594*** 0.41193*** 0.73165***
(0.00238)  (0.01983)  (0.04453)  (0.06754)
American; 0.26479*** 3.42844***  —2.09521***  —3.43855***
(0.01890)  (0.16634)  (0.41390)  (0.66158)
HomePricej; 0.00514*** 0.00387*** 0.00341*** 0.00149***
(0.00034)  (0.00031)  (0.00029)  (0.00028)
HomePricej; x American; —0.00168***  —0.00123***  —0.00103***  —0.00063***
(0.00006)  (0.00006)  (0.00005)  (0.00005)
Enlistment; 0.25951*** 0.38530*** 0.86713*** 0.67591***
(0.03114)  (0.03311)  (0.03640)  (0.03651)
Enlistment; * American; —0.08709***  —0.10247***  —0.16435*** —0.14001***
(0.00574)  (0.00617)  (0.00677)  (0.00682)
Populationjzgoo 0.00002*** 0.00005*** 0.00004*** 0.00003***
(0.000002)  (0.000002)  (0.000003)  (0.000003)
APriceYear-2001 —0.02838***  —0.02819***  —0.01062***  —0.00295***
(0.00117)  (0.00118)  (0.00118)  (0.00109)
A Variants Year-2001 ;i 0.92677*** 0.81481*** 0.79315*** 0.97539***
(0.00151)  (0.00121)  (0.00129)  (0.00156)
Intercept —0.30532***  —1.70722***  —3.27046*** —5.84105***
(0.01565)  (0.13581)  (0.33593)  (0.53449)
Observations 3,243,520 3,056,611 2,778,396 2,675,991

Note: *p<0.1; **p<0.05; ***p<0.01. Sample limited to AmericanScore; < 2 and AmericanScore; > 5.
AmericanScore; < 2 recoded to 0 and AmericanScore; > 5 recoded to 1 to create American;.
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Appendix Table A.11: Baseline Demographic
Propensity for American Brands - 2001

Share2001 . (%)
(1)

AmericanScore; x Bush s 0.00036***
(0.00013)
AmericanScore; x SkilledOcc;z000 0.00405***
(0.00019)
AmericanScore; x ArmedF orces s 0.00603***
(0.00065)
AmericanScore; x NativeBorn; s 0.00008
(0.00017)
AmericanScore; x Black;an —0.00028**
(0.00011)
AmericanScore; —0.08147*
(0.01535)
Observations 3,467,761
Controls v
Category FEs v
Store FEs v
Week FEs v

Note: *p<0.1; **p<0.05; **p<0.01. Model estimated with
OLS. Controls include Price2001;;; and Variants2001.
Sample limited to weeks in 2001 prior to September 11.
Stores in counties with populations two standard deviations
above or below the mean excluded.
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Appendix Table A.12: Cumulative Casualties and Coalition of the Willing

Brand Share, 2003-2006

AShare Year-2001 i,

2003 2004 2005 2006
(1) (2) (3) (4)
In(CumulCasualtiesj;) * CoalitionScore; —0.02541*** —0.01616*** —0.00483** —0.00844***
(0.00312)  (0.00231)  (0.00225)  (0.00237)
In(CumulNatCasualties ;) * CoalitionScore;  0.00287***  0.03994***  —0.04509***  —0.04148*
(0.00075) (0.00658) (0.01514) (0.02458)
In(CumulCasualties ;) 0.08441***  —0.11066*** —0.14052*** —0.02233***
(0.01012) (0.00788) (0.00771) (0.00822)
In(CumulNatCasualties ;) —0.01208***  0.30525***  1.41098***  1.13861***
(0.00222)  (0.01943)  (0.04452)  (0.07221)
CoalitionScore; 0.00746 —0.22283***  (0.41042*** 0.41848**
(0.00513) (0.04516) (0.11432) (0.19461)
HomePricej; —0.00330*** —0.00268***  —0.00031  —0.00094***
(0.00032)  (0.00031)  (0.00029)  (0.00029)
HomePricej, * CoalitionScore; —0.00020* —0.00034*** —0.00068*** —0.00064***
(0.00010) (0.00010) (0.00010) (0.00010)
Enlistment; —0.34477**  —0.07142** —0.00530 0.11432***
(0.02837)  (0.03180)  (0.03551)  (0.03803)
Enlistment; * CoalitionScore; 0.00846 —0.02342**  —0.03673*** —0.06082***
(0.00944) (0.01073) (0.01200) (0.01285)
Populationjzpgo 0.00008***  0.00010*** 0.00010*** 0.00011***
(0.000002)  (0.000002) (0.000003) (0.000003)
A PriceYear-2001 —0.08603*** —0.06060*** —0.05599*** —0.02745***
(0.00158) (0.00149) (0.00147) (0.00112)
A Variants Year-2001 ;. 0.76665***  0.74392*** 0.72880*** 0.68107***
(0.00092) (0.00092) (0.00090) (0.00089)
Intercept —0.10034*** —2.28969*** —10.55783*** —9.10191***
(0.01506)  (0.13320)  (0.33587)  (0.57155)
Observations 6,573,689 5968261 5472115 5,056,532

Note: *p<0.1; **p<0.05; ***p<0.01. All models estimated using OLS.
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Appendix Table A.13: Cumulative Casualties

Share, 2003-2006

and France/Germany Brand

AShareYear-2001

2003 2004 2005 2006
(1) (2) 3) 4)
In(CumulCasualties;;) * France + GermScore; —0.02369*** —0.00806*** —0.00718*** —0.00463*
(0.00338)  (0.00249)  (0.00243)  (0.00252)
In(CumulN atCasualties i) * France + GermScore; 0.00467***  0.03935***  0.11508*** 0.04034
(0.00081)  (0.00702)  (0.01626)  (0.02598)
In(CumulCasualties ;) 0.05646*** —0.11765*** —0.11885*** —0.03885***
(0.01119)  (0.00875)  (0.00860)  (0.00906)
In(CumulNatCasualties ;) —0.02137*** 0.33990***  0.99000***  1.14468***
(0.00241)  (0.02090)  (0.04795)  (0.07651)
France + GermScore; —0.09513*** —0.33963*** —0.93750*** —0.38469*
(0.00551)  (0.04821)  (0.12275)  (0.20568)
HomePrice;q —0.00246*** —0.00244***  0.00002 —0.00036
(0.00034)  (0.00033)  (0.00031)  (0.00031)
HomePricej, x France + GermanyScore; 0.00045***  0.00042***  0.00026** 0.00018*
(0.00011)  (0.00011)  (0.00010)  (0.00011)
Enlistment; —0.24638*** —0.13918*** —0.04734  —0.00245
(0.03086)  (0.03424)  (0.03831)  (0.04039)
Enlistment; * France + GermanyScore; —0.04167*** —0.03676*** —0.02888"* —0.02752**
(0.01029)  (0.01161)  (0.01300)  (0.01369)
Populationjzgoo 0.00007***  0.00009***  0.00009***  0.00009***
(0.000002)  (0.000003) (0.000003) (0.000003)
APriceYear-2001 —0.11624*** —0.09472*** —0.09314*** —0.06908***
(0.00190)  (0.00185)  (0.00186)  (0.00164)
A Variants Year-2001 ;i 0.78076***  0.76209***  0.75684***  0.73213***
(0.00116)  (0.00114)  (0.00115)  (0.00116)

Intercept 0.07102°** —2.27963*** —7.15117*** —8.82601"**
(0.01628)  (0.14320)  (0.36162)  (0.60543)
Observations 4,770,144 4,339,951 3,966,649 3,662,239

Note: *p<0.1; **p<0.05; ***p<0.01. All models estimated using OLS.
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A.1 External Validation of AmericanScore

As an external validation exercise, we verify that American brands indeed symbolize Amer-
ican national identity. The brands that score high (low) on AmericanScore, should be
strong (weak) symbols of America. We measure brands’ America symbolism using a three-
item scale from Steenkamp et al (2003): “To me, this brand is a symbol of America; I
associate this brand with things that are American; To me, this brand represents American
values.” The rating options ranged from 1 to 7, with 1 meaning “I completely disagree with
this statement,” and 7 meaning “I completely agree with this statement.” As such, we expect
a correlation between our AmericanScore, and the American Symbolism scales.

Given the massive number of brands (8,644) already evaluated with the AmericanScore,
scale, we decided to sample a selection of them (40 brands) to test the correlation between the
AmericanScore, and the American Symbolism scales. We randomly selected five different
product categories (beer, laundry detergent, toothpaste, spaghetti sauce, and frozen dinner).
For each one of these categories, we needed to include brands belonging to different levels
of AmericanScore,. As such, we randomly selected two brands with an American Score of
zero, three, five, and seven. Summarizing, the selection of these 40 brands was the result
of two randomly selected brands for each of four levels of AmericanScore, in five different
brand categories.

We assessed that evaluating 40 brands in a single session could generate survey fatigue.
As such, we assigned participants to evaluate only 20 brands (instead of 40) in a random
order. Each respondent evaluated a brand that scored zero, three, five, and seven on each
of the five different brand categories. This generated a mix-model design, in which we had
20 brands, within-subjects (four AmericanScore, levels five brand categories), and two
randomly generated brand lists, between-subjects. To exemplify, Respondent 1 evaluated 20
brands (one brand for four different AmericanScore, levels five brand categories—what we
called “List A”). Respondent 2 evaluated the other 20 brands (one brand for four different
AmericanScore, levels five brand categories—what we called “List B”). Respondent 3
evaluated List A, Respondent 4 evaluated List B, and so on. Table 2 shows the 40 brands
used and identifies to which of the two lists it belonged. 400 US-based participants from an

online pool participated in this study in exchange for money.
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Appendix Table A.14: Mean Values of American Symbolism, Test Brands

] American American
_ American . .
Category List Brand Name g Symbolism Symbolism
core
Scale (mean) Scale (95% CI)
beer List A Guinness 0 2.82 2.57, 3.06
beer List B Tequiza 0 2.25 2.07, 2.43
beer List A Sierra Blanca 3 2.70 2.50, 2.91
beer List B Molson 3 2.99 2.78, 3.20
beer List A Red Wolf 5 3.81 3.59, 4.03
Brookl
beer  List B rookiyn 5 5.09 4.87, 5.31
Brewery
beer List A Budweiser 7 5.81 5.63, 5.99
Great Lak
beer  List B e 7 5.18 4.98, 5.38
Brewing
laundry 1.0 A Blanca Nieves 0 2.41 2.21, 2.60
detergent
laund
WY it B Paloma 0 2.81 2.62, 2.99
detergent
laund
Y st A Ariel 3 3.18 2.97, 3.39
detergent
laund
Y List B Citra Suds 3 3.11 2.91, 3.31
detergent
laund
Y st A Ajax 5 4.69 4.46, 4.91
detergent
d
laundry 0B Method 5 4.08 3.86, 4.30
detergent
laund Arm &
T it A o 7 5.56 5.39, 5.73
detergent Hammer
1
aundry B Tide 7 5.52 5.33, 5.70
detergent
toothpaste List A Elgydium 0 2.49 2.29, 2.69
toothpaste List B Dabur 0 2.17 2.00, 2.34
toothpaste List A Butler 3 3.40 3.18, 3.62
toothpaste List B Shane 3 3.28 3.06, 3.50
toothpaste List A Mentadent 5 3.65 3.43, 3.87
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toothpaste
toothpaste
toothpaste
spaghetti
sauce
spaghetti
sauce
spaghetti
sauce
spaghetti
sauce
spaghetti
sauce
spaghetti
sauce
spaghetti
sauce
spaghetti
sauce
frozen
dinner
frozen
dinner
frozen
dinner
frozen
dinner
frozen
dinner
frozen
dinner
frozen
dinner
frozen

dinner

List B
List A
List B

List A

List B

List A

List B

List A

List B

List A

List B

List A

List B

List A

List B

List A

List B

List A

List B

Choice
Colgate
Crest

Cucina Antica

Anna

Mario’s

Prego

Roland

Sonoma

Gourmet
Ragu

California
Seasonings
Uncle

Dave’s
Ajinomoto

Gallina

Blanca

Michelina’s

Signature
Bobby
Salazars
Healthy
Choice
Seeds of
Change
Boston

Market

Uncle Ben’s

3.73
5.38
5.44

2.41

2.94

3.41

3.32

4.34

4.51

4.77

4.43

2.27

2.31

3.65

3.01

4.85

3.62

5.45

5.20

3.51, 3.95
5.20, 5.56
5.26, 5.62

2.21, 2.62

2.75, 3.14

3.19, 3.63

3.12, 3.52

4.12, 4.57

4.29, 4.74

4.55, 4.99

4.21, 4.65

2.07, 2.46

2.13, 2.49

3.43, 3.87

2.82, 3.19

4.64, 5.06

3.41, 3.84

5.26, 5.64

5.00, 5.41
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Appendix Table A.15: Mean American Symbolism By
AmericanScore;,, Level

. American Symbolism ~ American Symbolism
American Score

Scale (mean) Scale (95% CI for mean)
0 2.49 2.43, 2.55
3 3.20 3.14, 3.27
) 4.24 4.17,4.31
7 5.27 5.21, 5.34

We analyzed the Cronbach’s alpha of the three items we used to measure American
symbolism. Given that the alpha was high (.96), we decided to average these three items
in an index (“American Symbolism scale”). We then performed a mix-model ANOVA with
the two Lists (A and B) as the between-subjects independent variable, and the 20 brands
evaluated by each person as the within-subjects dependent variable. The means of each
brand are reported in Appendix Table

This mix-model ANOVA revealed a non-significant effect of the list (F(1, 398) = 1.30, p
= .254, np* = .003 ) and significant main effect of the brands (different brand names were
evaluated differently on the American Symbolism scale; F(19, 7,562) = 348.15, p < .001,
np* = .467). The interaction between the two factors was significant (F(19, 7,562) = 19.63,
p < .001, np? = .047). A significant interaction was unexpected but simply indicated that,
within the same brand level, sometime the means were higher in List A and some other times
were higher in List B.

Given that there was no general main effect of the of the Lists, we pooled the data and
grouped the 20 brands of List A and 20 brands of List B together. We then ran a correlation
between AmericanScore, (0, 3, 5, 7) and American Symbolism scale. The two scales were
strongly and positively correlated, r(7,998) = .56, p < .001 (note that 7,998 degrees of
freedom, n = 8,000, equals to 20 brands * 400 people). Appendix Table shows how
each subsequent level of AmericanScore, corresponded to a higher rating on the American

Symbolism scale.
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